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Construction of Procedural Ontology
Using Images and Texts in Patents
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Abstract: A procedural ontology is defined as a set of concepts on a series of actions conducted in a certain order. The ontology
is crucial for understanding the state-of-the-art technologies, because typical procedural concepts are contained in the ontology,
and we can recognize the novelty of each technology by comparing with typical procedural concepts. However, a procedural
ontology that covers comprehensive technical fields have not been constructed. Therefore, we investigate automatic construction
of a procedural ontology. In constructing the procedure ontology, we focused on patent abstracts and representative drawings. This
is because patents cover all technical fields, and patent abstracts describe inventions related to procedures. In this paper, as a first
step to construct a procedure ontology, we conducted several experiments on the extraction of flowcharts from representative
drawings and the structural analysis method of patent abstracts based on machine learning. As a result of the experiments, we were
able to confirm the effectiveness of our method.
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